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Electronic Health Records
• Electronic Health Records (EHRs) = digital storing patients healthcare events and observations 

• ubiquitous yet essential to the delivery of modern healthcare and for research purposes as well. 

• The data within the EHRs can be found either in a structured state or unstructured. 
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John Snow Labs - Spark NLP for Healthcare

UMFST Targu Mures – JSL License for research purposes 



Materials and methods
• Endoscopy reports (colon polyps):

• Gastroenterology Dept. Mures County Clinical Hospital 
• Reports in Romanian language

• Extracted features pertaining to colon polyps:
• Size, Type, etc.
• Endoscopy findings, procedure, diagnosis;

• Annotated 100 documents 
• 80 documents used for training set
• 20 documents used for test set
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Discussion

• This is one of the first experiments in Romanian language using NLP
for extracting structured data from unstructured clinical notes

• Given the small dataset, the model performed well, with an overall
precision of 0.823. Because there was a certain amount of
heterogeneity in the labeled documents, a bigger dataset is required
to improve the metrics. In the future, we aim to increase the dataset
to at least 400 documents.

• The solution can be used in combination with other structured data
such as laboratory tests, imaging, images/videos from endoscopy
procedures in order to create an optimal patient profiling.



Conclusion

• This paper has presented a solution for obtaining structured data
from unstructured endoscopy reports regarding colon polyps.

• Because it used reports in Romanian language, it paves the way for
future work for developing optimal solutions that can be used in real
life in Romanian Hospitals

• This can be integrated into an information system to assist physicians, 
as the implementation can be a web or mobile application for 
hospital and clinic use.
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